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Motivation

ientifi i F ' le treated with haloperidol
e Scientific text difficult for non- | C o7 HHC PEOPIC HEAled With Raioperico
instead of olanzapine, one fewer person would

experts due to domain jargon experience a...

U

. ] _ | For every nine people treated with haloperidol
° SlmpleTeXt@CLEF 295 Task 1.1: (a medication for mental health conditions)

Make biomedical scientific text | instead of olanzapine (another mental health
more accessible medication), one fewer person would
experience a...

e




Idea

e Goal: Simplification for non-experts

— knowledge of language, not of biomedical domain

e Low cost/small LLMs

e Find complex terms, simplify them, keep rest

e Prompts instructing LLMs to only explain/simplify complex terms
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Submit + Results

e Submitted runs with different prompts, used cheap LLMs
e SimpleText 25 Task 1.1 mainly evaluated with SARI

SARI considers added, deleted, kept n-grams of produced against reference simplification
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Is SARI still an adequate evaluation measure for LLM -
based text simplification? -
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Findings

e LLMs prompted to only modify complex components but changed
syntax, structure & lexical features of text

e More powerful LLMs do not always achieve better SARI scores

original

- More powerful LLMs
Iy — more rewriting
— lower n-gram overlap
Simplification _, worse SARI
modified reference Worse SARI + worse simplifications

text simplification
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