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UM_FHS at the CLEF 2025 SimpleText Track



• continuation of our previous work from TREC 2024 PLABA track 1 (end-
to-end biomedical abstracts adaptations)

• using NIH guidelines for written health materials (average literacy level 
<K8 - students 13–14 years old

• European Health Literacy Survey (HLS-EU) - at least 1 in 10 (12%) 
respondents showed insufficient health literacy and almost 1 in 2 (47%) 
had limited (insufficient or problematic) health literacy
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Background and Motivation

Background and Motivation



• Task 1: Text Simplification: Simplify scientific text
• Task 1.1 - Sentence-level Scientific Text Simplification

• Task 1.2 - Document-level Scientific Text Simplification

• Training data
• Cochrane-auto corpus, derived from biomedical literature abstracts and lay 

summaries from Cochrane systematic reviews

• Data realigned at the paragraph, sentence, and document levels
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Task and training data

Tasks and Training Data



• Focused on gpt-4.1 family of models (version 2025-04-14)
• gpt-4.1 
• gpt-4.1-mini 
• gpt-4.1-nano

• Methods
• Prompt template on all models

• Fine-tuned gpt-4.1-mini and gpt-4.1-nano (not on gpt-4.1 due to cost)
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Models and methods used

Models and methods used



• SARI, BLEU, FKGL, Compression ratio, Levenshtein similarity, Lexical 
complexity score,…

• ...in the biomedical domain human assessment is still the gold standard
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Evaluation Metrics

Evaluation metrics



Prompt template (Task 1.1)

Prompt template

• decided that we used prompts at the document level

• The sentences were supplied as a list of sentences to the LLM

• Special emphasis on the number of sentences or if a sentence is 
omitted

• Note: if only sentences were provided, the text adaptations might be 
worse, since the context in the surrounding context would not be 
present



Prompt template (Task 1.1)

Dataset

• used OpenAI gpt-4.1 prompting guide

• started with general prompt structure

• optimized with ChatGPT

https://cookbook.openai.com/examples/gpt4-1_prompting_guide
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Prompt template (Task 1.1)

Prompt template

• User prompt 

• Input: list of sentences (strings)

• Output: list of sentences 
(strings), same length

• Define the rules according to NIH 
guidelines



Prompt template (Task 1.1)

Prompt template

• Give detailed instructions

• Provide an example (jargon can 
be Substituted, Explained, 
Generalized, Exemplified, 
Omitted)

• Some instructions are stated 
multiple times

• Also included NIH adapted 
guidelines (from PLABA)



Prompt template (Task 1.2)

Prompt template

• Similar as for Task 1.1

• No explicit instructions, the 
output is just a string



Fine-tuning (Task 1.1  and 1.2)

Fine-tuning

Supervised fine-tuning (SFT) lets you train an OpenAI model with 
examples for your specific use case. The result is a customized model that 
more reliably produces your desired style and content.

https://platform.openai.com/docs/guides/supervised-fine-tuning

https://platform.openai.com/docs/guides/supervised-fine-tuning
https://platform.openai.com/docs/guides/supervised-fine-tuning
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Fine-tuning (cost estimate)

Fine-tuning

• $25 for gpt-4.1, $5 for gpt-4.1-mini, $1.5 for gpt-4.1-nano per million tokens 
(time of writing)

• training data: 4.8 million tokens sentence level, 2.1 million document level

• gpt-4.1 it would be ~$172 (just a projection), gpt-4.1-mini ~$34.5 and gpt-
4.1-nano $10.3



Results

Results

• First test dataset - 37 Cochrane abstracts aligned with their plain 
language summaries via Cochrane-auto, comprising of 587 sentence pairs

• Second test dataset  - 217 unaligned abstract-summary pairs (only used 
for task 1.2) 



Results

Results

Comments (first test set):
▪ best-performing model was gpt-4.1-mini 

(SARI 43.34)

▪ - FKGL, was below grade 8, aligning well 

with NIH guidelines for plain language 

adaptations, reference FKGL was above

https://www.dei.unipd.it/~faggioli/temp/clef2025/paper_344.pdf

https://www.dei.unipd.it/~faggioli/temp/clef2025/paper_344.pdf


Results

Results

Comments (first test set):
▪ gpt-4.1 achieved the highest SARI 

score (43.83), closely followed by 

gpt-4.1-nano-ft (43.61). 

▪ gpt-4.1 better adhered to NIH 

guidelines with an FKGL of 8.80, 

compared to 10.63 for gpt-4.1-

nano-ft. https://www.dei.unipd.it/~faggioli/temp/clef2025/paper_344.pdf

https://www.dei.unipd.it/~faggioli/temp/clef2025/paper_344.pdf


Results

Results

Comments (second test set):
▪ gpt-4.1-mini best performance (SARI 

42.13 and a FKGL of 7.56)

▪ -gpt-4.1-nano-ft generated no usable 

output.
https://www.dei.unipd.it/~faggioli/temp/clef2025/paper_344.pdf

https://www.dei.unipd.it/~faggioli/temp/clef2025/paper_344.pdf


Discussion and future work

Discussion and future work

• gpt-4.1-mini outperformed gpt-4.1 in this task

• Focused on OpenAI models, for private healthcare data a locally 
deployed LLM should be considered/used;

• FT did not show improvement, except for a specific case

• (Future work) Expansion to other domains might be feasible, since the 
best performing approach just uses in-prompt context

• (Future work) LLM-as-a-judge with CoT, such as G-Eval, that can evaluate 
an output on any criteria, might be an addition for human evaluation



Thank you for your attention!

primoz.kocbek@um.si

primoz.kocbek@um.si
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